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This study employed an extended theory of planned behaviour to assess the socio-psychological factors influencing
farmers’ willingness to continue participating (WTCP) in collaborative activities of community-based innovation
platforms (CB-IPs). Using a structured questionnaire, data were obtained from a random sample of 231 farmers who
had participated in collaborative activities of the CB-IPs. Data were analyzed using partial least squares-structural
equation modelling. Findings showed that although farmers’ past-experience did not directly influence their WTCP in
collaborative activities of CB-IPs, it was positive and significant when mediated by attitudes and perceived behavioural
control (t-value = 6.840; p-value = 0.000). Therefore, it can be concluded that farmers’ WTCP in collaborative
activities of CB-IPs is enhanced by three socio-psychological factors: favourable past-experience, positive attitudes
towards collaborative activities of CB-IPs, and farmers’ perceived capacity to participate. Hence, conveners of
collaborative activities of CB-IPs ought to improve farmers’ attitudes through organizing beneficial activities and
building their capacity to participate. This study contributed to the body of knowledge by using a behavioural
perspective to examine the socio-psychological factors that influence farmers’ continued participation in collaboration
activities of CB-IPs.

Keywords: collaboration intentions, innovation platforms, socio-psychological factors, theory of planned behaviour,
Uganda

Introduction
Organizations collaborate as a way of enhancing their sur-
vival in an increasingly changing socioeconomic environ-
ment (Cornforth, Hayes, and Vangen 2015).
Collaborations are initiated for various reasons, including
developing innovations, pooling resources (Deken et al.
2018), enhancing service delivery (Leung 2013), and
advancing competitiveness and ability to respond to
complex problems (Andrews and Entwistle 2010). In
this study, collaboration refers to various organizations
working together to pool resources towards attainment
of mutual objectives that they cannot realise singly
(Berends and Sydow 2019; Gray 1985).

Innovation platforms (IPs) typify an approach for fos-
tering collaboration and innovation among heterogeneous
actors along an agricultural value chain (Schut et al. 2019;
Sell et al. 2018; Mahiya 2021). IPs provide space for
diverse actors to interact and optimise joint benefits that
come with the collaborations. IPs normally operate at
three levels: regional, national, and community. At
national and regional levels, IPs largely target policy
change while at community level, the focus is on
solving farmers’ problems (Nederlof, Wongtschowski,
and van der Lee 2011). Community-based IPs are initiated
by farmers to find practical solutions to their problems
through creation of linkages with various actors along a
value chain (Nederlof, Wongtschowski, and van der Lee
2011; Sanyang et al. 2014). This study focused on two
community-based IPs (CB-IPs) engaged in the pro-
duction, processing, and marketing of cassava products
in Serere and Bukedea districts in eastern Uganda. The

smallholder farmers, who dominate the CB-IPs, often par-
ticipate in collaborative activities with other actors to
solve problems within the cassava value chain.

A myriad of research on collaboration tends to focus
on the nature, form, process, and outcomes of collabor-
ations (Gazley 2010). Moreover, there is extensive
research on drivers and barriers to successful collabor-
ations among public and private organizations (Deken
et al. 2018; Gazley and Brudney 2007) as well as their
governance (Cornforth, Hayes, and Vangen 2015).
However, research on continued participation in colla-
borative activities especially in the context of IPs is still
limited. Current literature does not adequately explain
factors that influence farmers’ willingness to continue
participating (WTCP) in collaborative activities of IPs.
In addition, minimal attention has been given to beha-
viours and socio-psychological aspects of individuals
involved in collaborations (Tsasis, Cooke-Lauder, and
Evans 2015), yet these are important determinants of col-
laboration success (Andrews and Entwistle 2010; Rosas
and Camarinha-Matos 2010). In particular, it is important
to examine from a behavioural perspective, the willing-
ness to collaborate among individuals behind the collab-
orations (Rosas and Camarinha-Matos 2010), given that
the decision to collaborate is both psychological and cog-
nitive (Gazley 2017). This study examined how farmers’
attitudes, subjective norms, perceived behavioural
control, and past-experience influenced their WTCP in
collaborative activities of CB-IPs. Empirical evidence
from this study deepens our understanding of predictors
of farmers’ continued participation in collaborative
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activities of CB-IPs. Accordingly, appropriate strategies
could be employed to increase farmers’ WTCP in colla-
borative activities of IPs.

Theoretical framework
This study employed the theory of planned behaviour
(TPB), which is an extension of the theory of reasoned
action. The TPB relates to an individual’s beliefs and be-
haviour, and is premised on the assumption that individ-
uals behave rationally after implicitly or explicitly
considering available information and the implications
of their actions (Ajzen 2005). The TPB is a socio-psycho-
logical model that has been widely used to predict individ-
ual’s intentions to perform particular behaviours across
various disciplines. For instance, the TPB has been used
to predict texting while driving behaviour (Shevlin and
Goodwin 2019), consumer purchase behaviour (Han and
Stoel 2017; Yadav and Pathak 2017), pro-environmental
behaviour (Yuriev et al. 2020), retention of information
technology skills (Albertus and Hamman-Fisher 2021),
and e-collaborative intentions (Cheng 2017; Cheng and
Chu 2016). These studies demonstrated the strong predic-
tive power of TPB, making TPB an appropriate theory for
this study.

According to the TPB, behavioural intentions, which
refer to an individual’s willingness to engage in a behav-
iour, are important predictors of actual behaviour (Ajzen
2005, 2020). The greater an individual’s behavioural
intention, the more likely the individual will engage in a
particular behaviour (Ajzen 2020; Yadav and Pathak
2017). Hence, this study considered farmers’ WTCP in
collaborative activities of CB-IPs as the dependent vari-
able. Behavioural intentions, are, in turn, influenced by
attitudes, subjective norms (SN), and perceived behav-
ioural control (PBC) (Ajzen 2005, 2020; Han and Stoel
2017). Notably, the relative importance of attitude, SN,
and PBC in predicting behavioural intentions varies
with the context of the behaviour and population under
study (Ajzen 2005; Ajzen and Fishbein 2005). Attitude
refers to an individual’s evaluation of the likely conse-
quences of engaging in a behaviour (Ajzen 2005). A
person’s attitude therefore is based on expected outcomes
associated with engaging in a certain behaviour (Sun et al.
2017). SN refer to an individual’s perception of social
support to perform a particular behaviour (Ajzen 2005,
2020; Kovac, Cameron, and Høigaard 2014). PBC
refers to an individual’s belief regarding the ease or diffi-
culty of performing a given behaviour (Ajzen 2005;
Yuriev et al. 2020).

Ajzen (2014) recommends adding other predictors to
improve the predictive power of the TPB. Previous
studies have added various predictors to the standard
TPB constructs to improve the explained variance of be-
havioural intention. Some of the predictors added
include past behaviour, future orientation, action plan-
ning, actual behavioural control, and previous experience
(Carr and Sequeira 2007; Cheng 2017; Cheng, Chu, and
Ma 2016; Kovac, Cameron, and Høigaard 2014; Shevlin
and Goodwin 2019). Accordingly, this study added past-
experience to the standard TPB model (Cheng and Chu
2016; Cheng, Chu, and Ma 2016) to improve its predictive

power in explaining farmers’ WTCP in collaborative
activities of CB-IPs. Previous studies confirmed that
past-experience is a predictor of attitude, SN, PBC, and
behavioural intentions (Cheng and Chu 2016; Cheng,
Chu, and Ma 2016). Hence, this study hypothesised
past-experience to have both direct and indirect effects
on farmers’ WTCP in collaborative activities of CB-IPs.

Conceptual model and hypotheses
This study extended the TPB by adding past-experience to
predict farmers’ WTCP in collaborative activities of CB-
IPs. Notably, the proposed conceptual model used behav-
ioural intention as the dependent variable rather than
actual behaviour, given that behavioural intentions can
be used to accurately predict actual behaviour (Ajzen
2005). This was confirmed by Xia, Chen, and Hou
(2020) who established that collaboration intention had
a significant positive influence on collaboration
behaviour.

Prior research has demonstrated that past-experience
both directly and indirectly influences intention to collab-
orate. For instance, Cheng and Chu (2016) established
that past-experience accounted for a great variance of stu-
dents’ online collaborative intentions, and significantly
influenced their attitudes towards e-collaboration. Simi-
larly, Cheng, Chu, and Ma (2016) found out that there
was a significant relationship between past-experience
and e-collaborative intentions. They further confirmed
that attitude mediates past-experience and e-collaborative
intentions. Thus, this study hypothesised that farmers’
past-experience with CB-IP collaborative activities had
an influence on their WTCP in such activities both
directly and indirectly. The indirect influence of past-
experience on farmers’ WTCP in collaborative activities
of CB-IPs was hypothesised to be through the mediation
of attitude, SN, and PBC. In line with this, the following
hypotheses were proposed:

H1: Past-experience positively influences farmers’ will-
ingness to continue participating in collaborative activi-
ties of CB-IPs.
H2: Past-experience positively influences farmers’ atti-
tudes towards collaborative activities of CB-IPs
H3: Past-experience positively influences farmers’ sub-
jective norms towards collaborative activities of CB-IPs.
H4: Past-experience positively influences farmers’ per-
ceived behavioural control over collaborative activities
of CB-IPs.

Attitude measures the extent to which an individual posi-
tively or negatively assesses a particular behaviour, which
influences the individual’s decision to participate in that
behaviour (Yadav and Pathak 2017). Previous research
has indicated that attitudes towards collaboration affect
collaboration intention. For instance, Cheng and Chu
(2016) established that students’ attitudes towards e-col-
laboration for group projects significantly influenced
their e-collaborative intentions. In the context of this
study, when a farmer has positive attitudes towards colla-
borative activities of a CB-IP and believes that engaging
in such activities leads to valuable outcomes, s/he will
be more willing to continue participating in similar activi-
ties. Hence, the following hypothesis was proposed:
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H5: Attitudes towards collaborative activities of CB-IPs
positively influence farmers’ willingness to continue par-
ticipating in collaborative activities of CB-IPs.

SN refer to an individual’s perception of the extent to
which ‘significant others’ approve of his/her decision to
participate in a specific behaviour (Yadav and Pathak
2017). Previous studies have highlighted that there is a
positive relationship between SN and behavioural inten-
tions (Cheng and Chu 2016; Kovac, Cameron, and
Høigaard 2014; Teng, Wu, and Liu 2015). Hence, individ-
uals are more likely to perform behaviours that are
approved of and supported by their referents (Ajzen
2020). It was therefore predicted that farmers are likely
to continue participating in collaborative activities of
CB-IPs if their ‘significant others’ (e.g., CB-IP leaders,
fellow farmers, and relatives) approve. Thus, the follow-
ing hypothesis was proposed:

H6: Subjective norms positively influence farmers’ will-
ingness to continue participating in collaborative activi-
ties of CB-IPs.

PBC refers to an individual’s perception of the feasibility
of performing a given behaviour (Yuriev et al. 2020).
Specifically, PBC assesses the existence of internal and
external factors that facilitate or hinder performance of
a certain behaviour such as opportunity and resources
availability (Ajzen 2020; Carr and Sequeira 2007).
Extant literature has demonstrated that PBC has a signifi-
cant positive effect on behavioural intentions (Sun et al.
2017; Teng, Wu, and Liu 2015). Hence, this study pro-
posed that farmers’ perceptions pertaining their ability
to engage in collaborative activities of CB-IPs influence
their WTCP in such activities. Accordingly, the following
hypothesis was suggested:

H7: Perceived behavioural control positively influences
farmers’ willingness to continue participating in colla-
borative activities of CB-IPs.

Based on the above discussions, the conceptual model
was proposed (Figure 1).

Methodology
This study employed a descriptive cross-sectional
research design (Bryman and Bell 2019) to collect data
on socio-psychological factors influencing farmers’

WTCP in collaborative activities of CB-IPs. Data were
collected using a semi-structured questionnaire during
the months of May and June 2021.

Data for this study were collected from two CB-IPs in
eastern Uganda, namely Soroti Sweet potato Producers
and Processors Association (SOSPPA), and Popular
Knowledge Women’s Initiative (P’KWI). SOSPPA CB-
IP focuses on two root crops i.e., cassava and sweet
potato, while P’KWI CB-IP deals with cassava and oil
crops. In both CB-IPs, the focus was on collaborative
activities related to production, processing, and marketing
of cassava products. SOSPPA and P’KWI CB-IPs are
located in Serere and Bukedea districts, respectively, in
eastern Uganda (Figure 2). Selection of the two CB-IPs
was purposive, based on two main criteria: (1) they are
the two largest CB-IPs in eastern Uganda with more
than 2500 members and collaborating with several
actors; and (2) they were the pilot sites for the Cassava
Community Action Research Project (Cassava CARP)
in eastern Uganda. The Cassava CARP worked with
already established CB-IPs to promote community-
based sustainable production, utilization and marketing
of cassava-based products in Serere and Bukedea districts
in eastern Uganda.

The sampling frame comprised of lists of farmers who
had participated in collaborative cassava activities in the
two CB-IPs. The lists were compiled by the leaders of
each CB-IP, giving a total of 556 farmers in both CB-
IPs. A sample of 226 respondents was drawn through
simple random sampling based on the formula given by
Krejcie and Morgan (1970):

S = x2NP (1− P)

d2(N − 1)+ x2P(1− P)

where: S = Required sample size
x2 = Constant value of 3.841 (the square of the Z value

of 1.96 for 95% confidence level)
N = Population size (1418)
P = Population parameter of 0.9 (i.e., 90% of the

households were farmers)
d = The degree of accuracy expressed as a proportion

(0.05), a probability that the sample represents the
population.

The calculated sample size of 226 was increased by
2% to cater for non-response, making the final sample
size of 231 farmers. This represents about 42% of the
farmers involved in collaborative activities of the two
CB-IPs. The sample size of 231 was appropriate since,
according Field (2009), a sample size of 200 is adequate
for achieving a medium effect of predictors on the depen-
dent variable. Informed consent was orally obtained from
each respondent before proceeding with data collection.

The questionnaire was designed after a review of lit-
erature on key constructs: Attitude, SN, PBC, WTCP,
and past-experience. The constructs were measured
using multiple items adapted from previous research.
Specifically, items for attitude and PBC were adapted
from Xia, Chen, and Hou (2020). Items for SN were
adapted from Cheng (2017) and Xia, Chen, and HouFigure 1: The proposed conceptual model.

African Journal of Science, Technology, Innovation and Development 3



(2020), past-experience from Cheng (2017) and Cheng,
Chu, and Ma (2016), while WTCP in collaborative activi-
ties of CB-IPs items were adapted from Cheng (2017).
For each measurement item, respondents were asked to
state their level of agreement with each statement using
a rating scale that ranged from 1 (lowest score) to 5
(highest score).

Data were analyzed using the partial least squares-
structural equation modelling (PLS-SEM) through
SmartPLS 3.2.7 software (Ringle et al. 2020). PLS-
SEM is best suited for predictive rather than confirmatory
studies (Hair et al. 2017), and was hence deemed appro-
priate for this study. Further, PLS-SEM is a robust
method preferred for multivariate analysis and testing of

Figure 2. Map of study area.

Table 1: Item loadings, reliability, and convergent validity of the constructs.

Constructs Item codes Loadings Cronbach’s alpha CR AVE
Attitude ATT1 0.768 0.880 0.909 0.626

ATT2 0.760
ATT3 0.823
ATT4 0.808
ATT5 0.734
ATT6 0.850

Subjective norms SN1 0.750 0.881 0.911 0.630
SN2 0.763
SN3 0.835
SN4 0.729
SN5 0.781
SN6 0.894

Perceived behavioural control PBC1 0.736 0.875 0.900 0.530
PBC2 0.712
PBC3 0.700
PBC4 0.670
PBC5 0.743
PBC6 0.749
PBC7 0.703
PBC8 0.806

Past-experience PE1 0.812 0.903 0.925 0.674
PE2 0.843
PE3 0.848
PE4 0.842
PE5 0.804
PE6 0.776

WTCP in CB-IP collaborative activities WTCP1 0.931 0.924 0.952 0.867
WTCP2 0.915
WTCP3 0.947
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mediator constructs (Hair, Hult, and Sarstedt 2014). The
statistical analysis followed a two-step procedure that
involved assessment of measurement models followed
by the structural model (Hair et al. 2017; Sarstedt et al.
2014). Firstly, the five reflective measurement models
were evaluated using composite reliability, convergent
validity, and discriminant validity. Secondly, the struc-
tural model was assessed based on statistical significance
and relevance of path coefficients, explained variance
(R2), and predictive relevance (Q2) (Hair et al. 2017; Sar-
stedt et al. 2014).

Findings
Socio-demographic characteristics
A total of 231 respondents participated in the study, of
which 52% were females and 48% were males, with a
mean age of 43 years. Approximately 60% of the respon-
dents had attained primary level education and about 5%
post-secondary education. The respondents’ average
experience in participating in CB-IP collaborative activi-
ties was seven years.

Measurement model results
The five constructs of attitude, SN, PBC, past-experi-
ence, and WCTP in collaborative activities of CB-IPs
had reflective measurement models. The measurement
models were evaluated for construct internal consist-
ency reliability (using Cronbach’s alpha and composite
reliability), and validity (using convergent and discri-
minant validity) as recommended by Hair et al.
(2017). Cronbach’s alpha and composite reliability
(CR) values (Table 1) were greater than the 0.70
threshold value (Farooq et al. 2018; Hair et al.
2017), hence confirming internal consistency of the
constructs. Convergent validity was assessed using
measurement item loadings, and average variance
extracted (AVE) (Table 1). Item loadings exceeded
the 0.708 threshold value, thereby confirming item
reliability. AVE values were above the 0.50 threshold,
indicating that each construct explained more than
50% of the variance of its items (Hair et al. 2019; Sar-
stedt, Ringle, and Hair 2017).

To establish discriminant validity of the constructs,
the Fornell-Larcker criterion and the Heterotrait-mono-
trait (HTMT) ratio of correlations were calculated (Hen-
seler, Ringle, and Sarstedt 2015). A measurement model
has discriminant validity if: (1) the Fornell-Larcker cri-
terion for each construct’s AVE is higher than its
squared correlations with other constructs (Henseler,
Ringle, and Sarstedt 2015), and (2) the HTMT value is
below 0.90 (Hair et al. 2017). The Fornell-Larcker cri-
terion results indicate that the square root for each con-
struct’s AVE was larger than its correlation values with
other constructs, while all HTMT values were below the
threshold of 0.90 (Henseler, Ringle, and Sarstedt 2015;
Sarstedt, Ringle, and Hair 2017). Hence, results confirm
discriminant validity of attitude, SN, PBC, past-experi-
ence, and WTCP in collaborative activities of CB-IPs.
This confirms that the constructs were empirically distinct
from each other.

Structural model results
Assessment of the structural model was performed after
confirming suitability of the measurement models. The
structural model was first examined for potential colli-
nearity issues among the constructs using the variance
inflation factor (VIF) (Sarstedt, Ringle, and Hair 2017).
VIF values ranged between 1.000 and 2.060, which are
lower than the threshold of 5; hence, there were no colli-
nearity issues among predictor constructs (Sarstedt,
Ringle, and Hair 2017). The structural model was then
assessed for statistical significance and relevance of path
coefficients, overall explanatory power (R2 values), and
predictive relevance (Q2 values) (Hair et al. 2019).

Path analysis was conducted via the bootstrapping
procedure using the no sign changes option, 95% BCa
bootstrap confidence interval, two-tailed testing and
5000 iterations (Aguirre-Urreta and Rönkkö 2018).
Further analysis of the relationships between the latent
constructs in the structural model was conducted using
the direct, indirect, and total effect (Sarstedt et al.
2014). Path analysis of the hypothesised relationships
indicated that five of the seven path coefficients were stat-
istically significant at the 5% level of significance based
on direct effects. The direct effect explained relationships
shown by the hypotheses in the proposed conceptual
model. Results indicated that the direct relationship
between past-experience and WTCP in collaborative
activities of CB-IPs was not significant, thus not support-
ing H1 (t-value = 1.284; p-value = 0.199). However, past-
experience positively and significantly influenced atti-
tudes towards collaborative activities of CB-IPs (t-value
= 8.702; p-value = 0.000); SN (t-value = 8.451; p-value
= 0.000) and PBC (t-value = 12.200; p-value = 0.000),
hence supporting H2, H3, and H4, respectively. Results
further revealed that both attitude and PBC had positive
significant influences on WTCP in collaborative activities
of CB-IPs (t-value = 3.036, p-value = 0.002; and t-value =
3.415, p = 0.001, respectively), hence supporting H5 and
H7. However, SN did not show a significant effect on
WTCP in collaborative activities of CB-IPs (t-value =
1.361; p-value = 0.174), thus not supporting H6.
Notably, the relationship between past-experience and
PBC showed the strongest effect (t-value = 12.200;
p-value = 0.000)

Based on indirect effect, past-experience, mediated by
attitude and PBC had a significant positive effect on
WTCP in collaborative activities of CB-IPs. However,
when mediated by SN, past-experience did not signifi-
cantly influence farmers’ WTCP in collaborative activi-
ties of CB-IPs. The total indirect effect of past-
experience on farmers’ WTCP in collaborative activities
of CB-IPs was positive and significant (t-value = 8.249;
p-value = 0.000) (Table 3).

Regarding total effect, there was a significant relation-
ship between past-experience and WTCP in collaborative
activities of CB-IPs (t-value = 6.840; p-value = 0.000).
Thus, past-experience mediated by attitude and PBC
was a significant predictor of farmers’ WTCP in colla-
borative activities of CB-IPs (Table 3).

Results revealed that R2 values ranged from 0.282 to
0.460. The R2 value for WTCP in collaborative activities
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of CB-IPs was 0.460, indicating a relatively high explana-
tory power, according to Rasoolimanesh et al. (2019).
This implies that past-experience explained 46.0% of
farmers’ WTCP in collaborative activities of CB-IPs
through the mediating effects of attitude and PBC. In par-
ticular, past-experience explained 28.2%, 32.8%, and
24.2% of the variance in attitude, PBC, and SN, respect-
ively. Each of these R2 values indicate that past-experi-
ence moderately explains attitude, SN, and PBC.

The structural model’s predictive relevance was
further assessed through performing the Stone-Geisser’s
Q2 test via blindfolding procedure using the cross-vali-
dated redundancy approach with an omission distance
of seven (Hair et al. 2017; Sarstedt, Ringle, and Hair
2017). Findings showed Q2 values of the endogenous con-
structs were above the zero threshold recommended by
Hair et al. (2019). Specifically, WTCP in collaborative
activities of CB-IPs had the highest Q2 values (0.368), fol-
lowed by attitude (0.169), PBC (0.161), and SN (0.144).
These results are indicative of predictive relevance of
the concepts in the conceptual model.

Discussion
The objective of this study was to examine the socio-
psychological factors that influence farmers’ WTCP in
collaborative activities of CB-IPs. The direct effect of
past-experience on farmers’ WTCP in collaborative
activities was not significant (H1). These findings are con-
trary to the positive significant relationship between past-
experience and collaboration intentions established by
Cheng, Chu, and Ma (2016). Besides, past-experience
was a significant predictor of attitude towards collabora-
tive activities (H2), subjective norms (H3), and perceived
behavioural control (H4). Past-experience explained more
variance in perceived behavioural control than in attitude
and subjective norms. These findings are in line with pre-
vious research studies, which established that past-experi-
ence is a predictor of attitude, subjective norms, and
perceived behavioural control (Cheng 2017; Cheng and
Chu 2016).

Attitude (H5) and perceived behavioural control (H7)
were significant predictors of farmers’ WTCP in colla-
borative activities of CB-IPs, with perceived behavioural

Table 3: Total and indirect effects of the hypothesized relationships.

Relationships t-value p-value
Direct effect
Past-experience → Willingness to continue participating 1.284 0.199
Attitude → Willingness to continue participating 3.036* 0.002
SN → Willingness to continue participating 1.361 0.174
PBC → WTCP 3.415* 0.001
Past-experience → Attitude 8.702* 0.000
Past-experience → SN 8.451* 0.000
Past-experience → PBC 12.200* 0.000
Specific indirect effect
Past-experience → Attitude → Willingness to continue participating 2.688* 0.007
Past-experience → PBC → Willingness to continue participating 3.470* 0.001
Past-experience → SN → Willingness to continue participating 1.304 0.192
Total indirect effect
Past-experience → Willingness to continue participating 8.249* 0.000
Total effect
Past-experience → Willingness to continue participating 6.840* 0.000

*Statistically significant at P < 0.05

Table 2: Discriminant validity of constructs in the measurement models.

Fornell-Larcker criterion

Construct Attitude
Past-

experience
Perceived behavioural

control
Subjective
norms

Willingness to continue
participating

Attitude 0.791
Past-experience 0.531 0.821
PBC 0.569 0.573 0.728
SN 0.675 0.492 0.574 0.794
Willingness to continue
participating

0.579 0.474 0.607 0.528 0.931

Heterotrait-Monotrait ratio of correlations
Latent construct Attitude Past-

experience
Perceived behavioural

control
Subjective
norms

Willingness to continue
participating

Attitude
Past-experience 0.590
PBC 0.624 0.621
SN 0.764 0.543 0.635
Willingness to continue
participating

0.639 0.516 0.647 0.581

*Values in bold are square root of AVE
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control having the strongest effect. The strong relation-
ship shown between perceived behavioural control and
WTCP in collaborative activities (t-value = 3.415; p-
value = 0.001) could be explained by farmers’ perceived
ease of performing collaborative activities as well as the
availability of opportunities and requisite resources to
perform those activities. These results are in agreement
with the TPB that emphasizes that the extent to which
individuals have control over performance of a behaviour
determines their ability to act on their intentions (Ajzen
2020). Arguably, farmers’ past-experience of about
seven years of participating in CB-IP collaborative activi-
ties enhanced their perceived behavioural control. For
instance, the collaborative activities enabled farmers to
access resources and training that boosted their belief in
their capacity to continue participating in similar activi-
ties. These findings are in conformity with Bamberg,
Rees, and Seebauer (2015) who found that perceived be-
havioural control was a significant predictor of partici-
pation intention in community-based pro-environmental
initiatives. Furthermore, the positive relationship
between attitudes and WTCP in collaborative activities
of CB-IPs (H5) indicates the existence of favourable per-
sonal evaluations of collaborative activities by farmers.
Farmers who believed that engaging in CB-IP collabora-
tive activities led to valuable outcomes were more willing
to continue participating in similar activities. It is evident
that the extent of farmers’ perceived behavioural control
and attitude determine their WTCP in collaborative activi-
ties of CB-IPs. These findings are in conformity with
Cheng and Chu (2016) who established that attitudes sig-
nificantly influenced students’ collaborative intentions.

In collaborative activities of CB-IPs, farmers’ ‘signifi-
cant others’ include CB-IP leaders, fellow farmers, and
relatives. Results showed that subjective norms (H6) did
not significantly influence farmers’ WTCP in collabora-
tive activities of CB-IPs. This implies that CB-IP
leaders, fellow farmers, and relatives were not salient
influencers of farmers’ WTCP in collaborative activities.
Indeed, the decision to continue participating in collabora-
tive activities is more of an individual farmer’s decision
than due to external social influences. Farmers tend to
rely more on their attitudes to, and perceived behavioural
control over executing collaborative activities than the
views and opinions of CB-IP leaders, relatives, or
fellow farmers. These findings are inconsistent with
Chancellor (2012) who established that subjective
norms were important predictors of collaboration inten-
tion. However, they are consistent with Cheng, Chu, and
Ma (2016) who found that subjective norms did not sig-
nificantly influence e-collaborative intentions of tertiary
students. Moreover, Ajzen and Fishbein (2005) high-
lighted that the relative importance of attitude, subjective
norms, and perceived behavioural control in predicting
behavioural intentions vary with the situation and
context of the behaviour being studied.

Generally, the observed significant relationships
among constructs in the proposed conceptual model
provide evidence to demonstrate that past-experience,
attitudes, and perceived behavioural control are important
in explaining farmers’WTCP in collaborative activities of

CB-IPs. Jointly, past-experience, attitude, and perceived
behavioural control explained 46.0% of farmers’ WTCP
in collaborative activities of CB-IPs. This confirms that
past-experience, attitude, and perceived behavioural
control are key determinants of farmers’ WTCP in colla-
borative activities of CB-IPs.

Conclusions
This study assessed socio-psychological factors that influ-
ence farmers’WTCP in collaborative activities of CB-IPs
through extending the theory of planned behaviour by
adding past-experience. Farmers’ past experience in colla-
borative activities of CB-IPs had a positive indirect effect
on their WTCP in similar activities. Furthermore, attitude
and perceived behavioural control had positive significant
influences on farmers’WTCP in collaborative activities of
CB-IPs with perceived behavioural control having the
strongest influence. However, it is important to note that
there could be other factors accounting for farmers’
WTCP in collaborative activities of CB-IPs as evidenced
by the coefficient of determination (R2 = 0.460).

From a theoretical perspective, this study deepens
understanding of the socio-psychological factors influen-
cing farmers’ WTCP in collaborative activities of CB-IPs.
Despite the plethora of literature on the importance of col-
laboration, the few studies that have used a behavioural per-
spective to examine willingness to collaborate have largely
focused on the organizational level, with less attention paid
to individuals within those organizations.Moreover, there is
limited research on continued participation in collaboration
activities especially in the context of innovation platforms.
Yet, success of a collaboration is as much an organizational
as it is an individual effort. Hence, findings of this study
offer insights into the socio-psychological factors influen-
cing individual farmers’ continued participation in colla-
borative activities of CB-IPs.

This study offers several practical implications for
conveners of collaborative activities in CB-IPs. Conve-
ners of collaborative activities in CB-IPs need to consider
factors that facilitate or hinder farmers’ ability to continue
participating in such activities to sustain CB-IPs. The
findings suggest that a farmer who perceives him/herself
to possess the required competencies and resources to par-
ticipate in collaborative activities of CB-IPs would be
more willing to continue participating in similar activities.
Further, past-experience that creates positive attitudes
enhances farmers’ WTCP in such activities. Indeed, con-
veners of CB-IPs ought to devise strategies that promote
meaningful experiences so that farmers form favourable
perceptions towards collaborative activities of CB-IPs to
appreciate the benefits of participating in such activities.
Significant results notwithstanding, this study poses
some limitations. This study employed a cross-sectional
research design; therefore, it was difficult to determine
how farmers’ perceptions change over time. Moreover,
this study was based on two CB-IPs located in one
region of Uganda; thus, the findings are contextual.
Hence, further research considering both spatial and tem-
poral diversity of farmers would provide useful theoreti-
cal and practical implications. Furthermore, this study
indicated that socio-psychological factors only explained
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46.0% of farmers’ WTCP in collaborative activities of
CB-IPs. This implies that there is need to identify other
factors that could be influencing farmers’WTCP in colla-
borative activities of CB-IPs.
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